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The Literacy That Detection Cannot See:
How We Learn to Think with AI

Weekly Analysis — https://ainews.social

For about three years, a quiet industry sold schools, newsrooms,
and employers a comforting promise: paste in a suspicious para-
graph, and a machine would tell you whether a machine wrote it.
The promise has collapsed. The tools that claimed to detect synthetic
text now fail so consistently that even the people whose livelihoods
depend on catching fabrication have stopped trusting them, and the
students they were meant to police have learned to route around them
with a few keystrokes [12]. This is usually reported as a defeat. I want [12] Las trampas de los estudiantes se

están volviendo imposibles de detectar
en la era de la IA

to argue it is a clarification.

The failure of detection strips away a fantasy we were all too will-
ing to hold — that the central question posed by generative AI is a
question of origin, answerable by a classifier. If we could just sort the
machine-made from the human-made, the reasoning went, we could
protect the value of human work, the integrity of the vote, the trust-
worthiness of the record. But the empirical ground has shifted beneath
that hope. Studies of election-year synthetic media find that the most
consequential falsehoods are rarely the seamless deepfakes we were
taught to fear; they are cruder, older, and more social than the de-
tection framing assumed [21]. The problem was never located in the [21] We Looked at 78 Election Deep-

fakes. Political Misinformation Is Not
an ...

pixels. It was located in us — in what we are prepared to believe, to
whom we grant authority, and how we evaluate a claim once we can
no longer outsource that judgment to a detector.

That is the literacy detection cannot see. It is not the ability to
name the source of a sentence but the capacity to interrogate the
sentence itself: its reasoning, its evidence, its silences, and the sta-
tistical machinery that produced it. This essay is an attempt to map
a badly muddled term. ”AI literacy” is invoked constantly and de-
fined loosely, and the looseness is not innocent — it lets vendors sell
a skill, institutions check a box, and all of us avoid the harder work
of discernment. What follows is a survey of the competing meanings,
the tension running through all of them, and the stakes of getting the
definition wrong.
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The Word That Means Too Many Things

Start with the fact that ”literacy” is doing an enormous amount of
work in these conversations, and different speakers mean incompatible
things by it. To one camp, AI literacy is fundamentally a set of oper-
ational competencies: knowing how to write an effective prompt, how
to structure a request, how to iterate toward a usable output. There is
a whole scholarly apparatus growing up around this, treating ”prompt
engineering” as a foundational capability for the coming decades,
a skill to be taught, assessed, and credentialed like touch-typing or
spreadsheet fluency [16]. Call this the skills-based definition. It is the [16] Prompt engineering as a new 21st

century skillone favored by employers, by tool vendors, and by anyone who needs
to demonstrate a measurable return.

The skills-based definition has an obvious appeal — it is concrete,
teachable, and cheap. It also has a shelf life measured in months. The
interfaces change, the models absorb the ”engineering” into their own
behavior, and the person whose entire literacy consists of knowing the
right incantations discovers that the incantations no longer matter.
More to the point, prompt fluency tells you nothing about whether to
trust what comes back. A person can be exquisitely skilled at extract-
ing a fluent, confident, well-formatted answer from a language model
and utterly unequipped to notice that the answer is wrong.

Against the skills camp stands a broader conception, articulated
most fully in the frameworks that have tried to define the field for a
general public. One widely circulated framework describes AI literacy
not as a technique but as the ability to understand, evaluate, and use
these systems — three verbs, of which ”use” is the least demanding
and ”evaluate” the most [14]. A parallel effort, aimed explicitly at [14] PDF AI Literacy: A Framework

to Understand, Evaluate, and Use
Emerging ...

preparing ordinary learners rather than specialists, frames the goal
as empowerment for an age saturated by these tools — a civic and
personal capacity, not a job skill [15]. Here literacy is closer to its [15] PDF Empowering Learners for

the Age of AIoriginal meaning: not the ability to operate a technology but the
ability to read the world the technology has made.

The distinction matters because the two definitions produce differ-
ent citizens. The skills-based reading produces a competent operator
who can be managed — who does what the tool affords and stops
there. The critical reading produces someone harder to manage, be-
cause the whole point is to cultivate the judgment to say this output is
untrustworthy, this source is missing, this fluency is hiding a hole. No-
tice which definition is easier to monetize and which is easier to mea-
sure. The gravitational pull of institutions is toward the version that
fits on a rubric, and that pull is precisely what a genuinely pro-reader
account of literacy has to resist. UNESCO’s own media-literacy work

https://www.frontiersin.org/journals/education/articles/10.3389/feduc.2024.1366434/full
https://www.frontiersin.org/journals/education/articles/10.3389/feduc.2024.1366434/full
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https://files.eric.ed.gov/fulltext/ED671235.pdf
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https://files.eric.ed.gov/fulltext/ED671235.pdf
https://files.eric.ed.gov/fulltext/ED671235.pdf
https://ailiteracyframework.org/wp-content/uploads/2025/05/AILitFramework_ReviewDraft.pdf
https://ailiteracyframework.org/wp-content/uploads/2025/05/AILitFramework_ReviewDraft.pdf
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has tried to name this by distinguishing between merely recognizing AI
artifacts and critically analyzing what makes a system seem intelligent
in the first place — a competency ladder that puts recognition at the
bottom, not the top [20]. [20] UNESCO Think Critically Click

Wisely

The Machine Is a Guessing Machine

You cannot evaluate what you do not understand, and here the mud-
dle deepens, because most public discourse about ”understanding
AI” stops at metaphor. People are told the model ”knows” things,
”thinks,” ”hallucinates” — anthropomorphic language that obscures
the one fact that would actually change how a reader treats an out-
put. A large language model is a statistical system that predicts likely
sequences of words. It does not retrieve facts; it generates plausible
continuations. UNESCO’s competency framework for teachers puts
the consequence plainly: because these systems are stochastic, the
same input can yield different outputs, which makes their content
”potentially less trustworthy, especially for the teaching of factual
and conceptual knowledge” [20]. That sentence, unglamorous as it is, [20] AI competency framework for

teachers - UNESCOcontains more real AI literacy than a semester of prompt technique.

The failure modes follow directly from the architecture, and a liter-
ate reader should be able to anticipate them rather than be surprised
by them. Hallucination — the confident production of fabricated cita-
tions, quotations, and facts — is not a bug the next release will patch
away; it is the natural behavior of a system optimized to sound right
rather than to be right. Bias is structural in the same way: the model
reproduces the statistical regularities of its training corpus, which
means it reproduces the corpus’s exclusions and prejudices. This is not
a hypothetical concern. When machine systems make consequential
decisions, the discrimination is real enough to generate a growing body
of litigation, as employers and vendors discover that ”the algorithm
did it” is not a defense against a biased outcome [13]. Sycophancy [13] Lead Article: When Machines

Discriminate: The Rise of AI Bias
Lawsuits

— the tendency to tell the user what the user seems to want — com-
pletes the trio, and it is the most insidious because it flatters. A model
that agrees with you feels trustworthy in exactly the moments it is
least reliable.

To see these as connected rather than incidental requires the move
Kate Crawford insists on: refusing to treat AI as a purely technical
domain. AI, she writes, is ”technical and social practices, institutions
and infrastructures, politics and culture,” and once you connect the
technology to those broader structures you can no longer pretend
that a model’s outputs are neutral products of computation [20]. The [20] The Atlas of AI - Power, Politics,

and the Planetary Costs

https://www.quinnemanuel.com/the-firm/publications/when-machines-discriminate-the-rise-of-ai-bias-lawsuits/
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training data was gathered by someone, from somewhere, reflecting
someone’s sense of what counts as knowledge. The literacy that mat-
ters is the literacy that keeps asking those questions — whose data,
whose labels, whose voice — rather than accepting the output as a
view from nowhere.

There is a further point the MIT Press treatment of AI ethics
makes well: the kind of thinking these systems perform, however
impressive, is not the only kind of thinking worth doing. Answering
questions about how to live, how to treat one another, how to weigh
competing goods — these ”require more than abstract human intelli-
gence,” and certainly more than statistical pattern completion [20]. A [20] AI Ethics - The MIT Press

Essential Knowledge seriesreader who has internalized this does not ask the machine to settle a
value question and mistake the fluent answer for wisdom. That reflex
— knowing what a tool is for and what it is constitutionally unable to
do — is a literacy no detector could ever measure.

From ”Is It Real?” to ”Is It Trustworthy?”

The deepest shift the evidence demands is a change in the question.
For years the operative question, in classrooms and newsrooms alike,
was is this real or is it AI? The premise underneath was that AI-
generated meant suspect and human-generated meant sound. Both
halves of that premise are false, and their falseness is exactly what the
collapse of detection exposes.

Research on synthetic media in recent election cycles keeps pro-
ducing the same inconvenient finding: the danger is not that flawless
fakes are fooling everyone, but that the fear of fakes and the volume
of ordinary, low-tech falsehood are eroding trust in everything, gen-
uine footage included. The careful post-mortems of the 2024 U.S.
presidential cycle found that the most viral deceptions were often
”cheapfakes” and recontextualized real material, not sophisticated gen-
erative forgeries [6]. A separate accounting of election disinformation [6] Deepfakes in the 2024 US Presi-

dential Electionacross 2024 and 2025 reached a compatible conclusion: the apocalypse
of AI-driven electoral chaos that was widely predicted did not, on the
evidence, arrive in the form predicted [2]. The threat was overstated in [2] AI and Election Disinformation

2024-2025: What Actually Happened
...

its technical form and understated in its social form. Detection would
not have helped, because detection answers the wrong question.

Consider what the right question does to a reader’s habits. If the
question is is this trustworthy?, then the origin of the text becomes al-
most irrelevant. A human-written press release and a machine-drafted
one are both subject to the same interrogation: what is the claim,
what is the evidence, who benefits from my believing it, what would

https://farid.berkeley.edu/deepfakes2024election/
https://farid.berkeley.edu/deepfakes2024election/
https://farid.berkeley.edu/deepfakes2024election/
https://stateofsurveillance.org/articles/surveillance/ai-election-disinformation-2024-2025/
https://stateofsurveillance.org/articles/surveillance/ai-election-disinformation-2024-2025/
https://stateofsurveillance.org/articles/surveillance/ai-election-disinformation-2024-2025/
https://stateofsurveillance.org/articles/surveillance/ai-election-disinformation-2024-2025/
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I expect to see if it were false? A scoping review of generative AI and
misinformation makes clear that the research field itself is migrating
from detection toward this broader terrain of credibility, source eval-
uation, and the social conditions under which false claims spread [9]. [9] Generative AI and misinformation:

a scoping review of the role of ...The professionals who do this for a living have reached the same place.
Fact-checkers, surveyed about their own future, describe a practice in
transition — wary of AI tools that promise to automate verification,
skeptical of community-notes models, and increasingly convinced that
the work is irreducibly about judgment rather than classification [8]. [8] Fact-checking at a crossroads: Fact

checkers’ perspectives ...
This reframing has a liberating consequence that is worth stating

directly, because it cuts against the reflexive moralism of the ”AI writ-
ten equals cheating” era. Once you stop treating machine origin as
automatic disqualification, you are forced into a more honest and more
demanding evaluation: is this good? Is it accurate? Does the reason-
ing hold? A machine-assisted document can be excellent; a wholly
human one can be lazy, biased, and wrong. The end of detection re-
moves the crutch that let us substitute a question about provenance
for a question about quality. That is harder work, and it is the only
work that scales, because it is the same work whether the text in front
of you came from a person, a model, or the collaboration of both that
is rapidly becoming the norm.

Whose Literacy Counts

Every definition of literacy encodes a theory of who is being made
literate, and this is where the current frameworks are thinnest. The
skills-based version, in practice, is a literacy for the already-advantaged:
those with the devices, the bandwidth, the workplace incentive, and
the leisure to accumulate transferable technique. The critical version
aspires to universality but is delivered unevenly, and the unevenness
tracks the older fault lines of every technology before it.

UNESCO’s media-literacy work is unusually candid about one such
line. Voice assistants and other consumer-facing AI, it notes, still serve
only a limited number of spoken languages and continue to encode
gendered defaults, so that the ”widening of gender divides through and
in AI” is not a side effect but a design outcome that literacy programs
must actively counter [20]. Whose voice the machine speaks in, whose [20] UNESCO Think Critically Click

Wiselylanguage it understands, whose name it can pronounce — these are
questions of access, and access is the precondition of any literacy at
all. A person addressed by these systems in a language they do not
fully command, or excluded from them entirely, cannot develop the
critical relationship the frameworks describe. They can only be acted

https://link.springer.com/article/10.1007/s00146-025-02620-3
https://link.springer.com/article/10.1007/s00146-025-02620-3
https://link.springer.com/article/10.1007/s00146-025-02620-3
https://misinforeview.hks.harvard.edu/article/fact-checking-at-a-crossroads-fact-checkers-perspectives-on-community-notes-ai-integration-and-design-recommendations/
https://misinforeview.hks.harvard.edu/article/fact-checking-at-a-crossroads-fact-checkers-perspectives-on-community-notes-ai-integration-and-design-recommendations/
https://misinforeview.hks.harvard.edu/article/fact-checking-at-a-crossroads-fact-checkers-perspectives-on-community-notes-ai-integration-and-design-recommendations/
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upon.

The harm side of this asymmetry is documented and specific. Con-
sider the AI-powered scams that target immigrant communities in the
United States, using cloned voices and fabricated identities against
people who may be less able to verify a claim through official channels
and more afraid of the consequences of getting it wrong [7]. Con- [7] Estafas con IA y Deepfakes: Como

Protegerte Siendo Latino en USA
2026

sider the identity-theft schemes that use AI to siphon college financial
aid, preying on the seam between vulnerable applicants and over-
whelmed institutions [17]. In both cases the people most exposed to [17] Scams to steal college financial

aid are using AI for identity theft ...AI-enabled predation are the least served by AI-literacy programs
designed around the confident, connected, native-speaking user. A lit-
eracy that reaches only the already-secure is not a public literacy; it is
a private advantage.

There is also a quieter exclusion embedded in how these tools are
built and who is imagined using them. The argument that accessi-
bility ought to be ”the first-class interface” for AI agents — that the
needs of disabled users should structure the design rather than being
retrofitted afterward — is really an argument about whose literacy the
technology is prepared to meet [1]. When a system assumes a partic- [1] Accessibility is the first-class

interface for AI agentsular kind of body, a particular kind of attention, a particular fluency,
it quietly defines the literate user in advance and leaves everyone else
to adapt or drop out. The question whose literacy counts? is there-
fore not rhetorical. It is answered, implicitly, every time a framework
decides what the baseline user looks like.

And there is the matter of who writes the definitions. When the
dominant AI-literacy materials are produced by the same companies
that sell the tools — when ”understanding Copilot” means reading
Microsoft’s own account of how Copilot handles your data — the
literacy on offer is bounded by the vendor’s interest in being trusted
[5]. Such documents are not worthless; they contain real information [5] Data, Privacy, and Security for

Microsoft 365 Copilota user needs. But a literacy curriculum written by the manufacturer
will teach you to use the product safely and will not teach you to ask
whether you should be using it at all, or what the manufacturer gains
from your dependence. The skepticism-of-power that genuine literacy
requires cannot be sourced from the power in question.

The Curriculum of Good Questions

If literacy is a continuum of critical practices rather than a binary
skill, what does the practice actually consist of? The most useful
frameworks converge on a surprisingly old answer: literacy is the dis-
cipline of asking the right questions of any text, and the questions are

https://tecnolatino.com/estafas-ia-deepfakes-latinos-usa-2026/
https://tecnolatino.com/estafas-ia-deepfakes-latinos-usa-2026/
https://tecnolatino.com/estafas-ia-deepfakes-latinos-usa-2026/
https://tecnolatino.com/estafas-ia-deepfakes-latinos-usa-2026/
https://apnews.com/article/ai-scam-college-financial-aid-identity-theft-aa1bc8bcb4c368ee6bafcf6a523c5fb2
https://apnews.com/article/ai-scam-college-financial-aid-identity-theft-aa1bc8bcb4c368ee6bafcf6a523c5fb2
https://apnews.com/article/ai-scam-college-financial-aid-identity-theft-aa1bc8bcb4c368ee6bafcf6a523c5fb2
https://www.infoworld.com/article/4193332/accessibility-is-the-first-class-interface-for-ai-agents.html
https://www.infoworld.com/article/4193332/accessibility-is-the-first-class-interface-for-ai-agents.html
https://www.infoworld.com/article/4193332/accessibility-is-the-first-class-interface-for-ai-agents.html
https://learn.microsoft.com/en-us/microsoft-365/copilot/microsoft-365-copilot-privacy
https://learn.microsoft.com/en-us/microsoft-365/copilot/microsoft-365-copilot-privacy
https://learn.microsoft.com/en-us/microsoft-365/copilot/microsoft-365-copilot-privacy
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more durable than any tool they might be applied to.

Three questions recur, and they are worth naming because they
travel across every domain. First: what is the model’s training data,
and what does that origin predict about its blind spots? A reader who
asks this treats a fluent answer about a marginalized community, or a
non-dominant language, or a recent event, with calibrated suspicion,
because they understand that the corpus underrepresents exactly those
things. Second: where does this system predictably break? Knowing
that models fabricate citations, invert obscure facts, and flatter the
user’s premises turns a naïve reader into a skeptical one without re-
quiring any technical access to the model’s internals. Third — and
this is the question the technical frameworks most often omit — whose
voice is missing? A statistically generated answer presents itself as
complete, and its completeness is an illusion; the practiced reader
hears the silences. These three questions map directly onto the failure
modes the architecture guarantees, and they can be taught to anyone,
in any setting, without a single line of code.

The crucial move here is metacognitive: literacy of this kind is
less about knowing facts about AI than about monitoring one’s own
credence. The scoping review of misinformation research repeatedly
returns to this — the vulnerability is not primarily technical but
psychological, rooted in how readily we accept fluent, confirming,
confidently delivered claims [9]. Epistemic calibration — the habit [9] Generative AI and misinformation:

a scoping review of the role of ...of holding beliefs in proportion to evidence, and of noticing when a
source has earned confidence rather than merely projected it — is the
load-bearing skill. It is also, not coincidentally, the skill sycophan-
tic systems are engineered to erode. The MIT Press account of AI
ethics gestures toward what the alternative would look like: a more
”radically interdisciplinary and pluralistic” formation, a Bildung that
refuses to reduce judgment to technique [20]. That is a demanding [20] AI Ethics - The MIT Press

Essential Knowledge seriesvision, and it is the right one. Literacy as discernment cannot be
delivered as a checklist because a checklist is exactly the kind of pro-
cedure a statistical machine can imitate and a lazy institution can
rubber-stamp.

Notice, too, how this displaces the anxieties of the detection era.
The worry that people would use AI to fabricate work assumed the
important thing was catching the fabrication. The literacy fram-
ing says the important thing was always the reasoning underneath
— which is why the same evaluative muscles that let you assess a
machine-drafted document let you assess a human one, and why build-
ing those muscles is the only response to synthetic media that does
not depend on a detector that will inevitably be beaten. When teach-
ers use AI to draft individualized education plans and advocates worry

https://link.springer.com/article/10.1007/s00146-025-02620-3
https://link.springer.com/article/10.1007/s00146-025-02620-3
https://link.springer.com/article/10.1007/s00146-025-02620-3
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about the results, the real question is not whether a machine touched
the document but whether anyone with judgment reviewed it against
the specific child’s needs [19]. The literacy that matters is the re- [19] Teachers Are Using AI to Help

Write IEPs. Advocates Have Concernsviewer’s, not the detector’s.

Literacy as a Condition of Self-Government

The reason this conceptual muddle is worth untangling is that the
definition we settle on determines whether people can participate in
a world increasingly arranged by these systems, or whether they are
merely arranged by it. AI literacy is not one topic among many; it
is the substrate beneath every other domain, because every domain
now runs partly on machine-generated language and machine-shaped
decisions.

The political stakes are the clearest case. The question of whether
AI can equalize campaign speech — giving under-resourced candi-
dates the same generative capacity as well-funded ones — or whether
it will simply industrialize the production of lies, cannot be answered
by the technology itself [4]. It is answered by the electorate’s capacity [4] Can AI equalize political campaign

ads – or will it remain a tool for
spreading lies?

to evaluate what it is shown. A population that can only ask is this
a deepfake? is defenseless against the more common manipulation,
which uses true footage falsely, or false footage that no detector flags,
or claims that are simply unverified and emotionally irresistible. Reg-
ulation helps at the margins — a growing patchwork of state laws now
targets synthetic election media — but law is slow, jurisdictionally
limited, and always a step behind the tools [10]. UNESCO’s own anal- [10] How 20 States Are Now Regulat-

ing Deepfakes—and What It Means
for Elections

ysis of AI and disinformation reaches the same limit: technical and
legal countermeasures are necessary but insufficient without a public
equipped to think critically about what it consumes [11]. The final [11] Inteligencia artificial y desinfor-

mación - UNESCOline of defense in a democracy is not a filter. It is a citizenry.

What would it look like to build literacy as a civic rather than a
private capacity? One instructive experiment has communities them-
selves setting the terms. When Snohomish County convened a ran-
domly selected assembly of residents to help write its AI policy, it was
enacting a proposition the frameworks only gesture at: that the people
governed by a technology have standing to define how it is used, and
that developing that standing is the literacy [18]. The value of such an [18] Snohomish County looks to its

residents for AI policyexercise is not primarily the policy it produces. It is the formation of
a public that has practiced asking, collectively, the questions individ-
ual literacy asks alone — what is this system for, where does it break,
whose interests does it serve, whose voice is missing from the room.
That is deliberation as pedagogy, and it reaches people no curriculum

https://www.edweek.org/teaching-learning/teachers-are-using-ai-to-help-write-ieps-advocates-have-concerns/2025/10
https://www.edweek.org/teaching-learning/teachers-are-using-ai-to-help-write-ieps-advocates-have-concerns/2025/10
https://www.edweek.org/teaching-learning/teachers-are-using-ai-to-help-write-ieps-advocates-have-concerns/2025/10
https://www.theguardian.com/technology/2026/jul/08/ai-ads-political-campaigns
https://www.theguardian.com/technology/2026/jul/08/ai-ads-political-campaigns
https://www.theguardian.com/technology/2026/jul/08/ai-ads-political-campaigns
https://www.theguardian.com/technology/2026/jul/08/ai-ads-political-campaigns
https://govfacts.org/elections-voting/running-elections/election-security-audits/how-20-states-are-now-regulating-deepfakes-and-what-it-means-for-elections/
https://govfacts.org/elections-voting/running-elections/election-security-audits/how-20-states-are-now-regulating-deepfakes-and-what-it-means-for-elections/
https://govfacts.org/elections-voting/running-elections/election-security-audits/how-20-states-are-now-regulating-deepfakes-and-what-it-means-for-elections/
https://govfacts.org/elections-voting/running-elections/election-security-audits/how-20-states-are-now-regulating-deepfakes-and-what-it-means-for-elections/
https://www.unesco.org/es/articles/inteligencia-artificial-y-desinformacion
https://www.unesco.org/es/articles/inteligencia-artificial-y-desinformacion
https://www.unesco.org/es/articles/inteligencia-artificial-y-desinformacion
https://www.knkx.org/government/2026-07-07/snohomish-county-tasks-citizens-with-writing-artificial-intelligence-policy-civic-assembly
https://www.knkx.org/government/2026-07-07/snohomish-county-tasks-citizens-with-writing-artificial-intelligence-policy-civic-assembly
https://www.knkx.org/government/2026-07-07/snohomish-county-tasks-citizens-with-writing-artificial-intelligence-policy-civic-assembly
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would.

The personal domains matter no less, precisely because they feel
private and are not. As AI moves into mental health care — person-
alizing treatment, mediating the relationship between a person and
their own most intimate data — the asymmetry between the confident
system and the vulnerable user becomes acute [3]. A person in distress [3] AI, neuroscience, and data are

fueling personalized mental health
care

is in the worst possible position to exercise skeptical calibration, and a
sycophantic system is in the best possible position to exploit it. Here
literacy is not a nicety but a form of self-protection, and its uneven
distribution is a matter of who gets hurt. The scams targeting im-
migrant families and financial-aid applicants are the same lesson in a
different key: the machine-shaped world extracts most efficiently from
those least equipped to interrogate it, which means a literacy confined
to the comfortable is not merely incomplete but complicit.

What Detection Was Hiding

Return, at the end, to the collapsed promise we began with. Detection
was attractive because it offered to make judgment unnecessary — to
convert a hard question about trust into an easy question about ori-
gin, answerable by machine. Its failure is a gift, because it forces the
harder question back into the open where it belongs. The evidence of
the past two election cycles, the testimony of working fact-checkers,
and the migration of the research field itself all point the same direc-
tion: the durable problem was never whether a text was synthetic, but
whether it was trustworthy, and that is a judgment no classifier can
make on our behalf [8]. [8] Fact-checking at a crossroads: Fact

checkers’ perspectives ...
The competing definitions of AI literacy, then, are not merely aca-

demic. The skills-based reading builds operators who can be managed
and left behind. The critical reading — literacy as understanding the
statistical machine, anticipating its failures, calibrating one’s own be-
lief, and asking whose interests and whose voices shape the output —
builds people who can live in this world as agents rather than subjects
[15]. The difference between them is the difference Crawford insists [15] PDF Empowering Learners for

the Age of AIwe keep in view: whether we treat AI as a technical domain to be
operated, or as a social and political one to be judged [20]. [20] The Atlas of AI - Power, Politics,

and the Planetary Costs
The literacy that detection cannot see is finally not a literacy about

AI at all. It is the old literacy — the discipline of reading a claim
for its reasoning, its evidence, its silences, and its interests — carried
into a world where the volume of fluent, confident, machine-shaped
language has made that discipline scarce and indispensable at once.
We cannot outsource it, because the machines we would outsource it

https://www.apa.org/monitor/2026/01-02/trends-personalized-mental-health-care
https://www.apa.org/monitor/2026/01-02/trends-personalized-mental-health-care
https://www.apa.org/monitor/2026/01-02/trends-personalized-mental-health-care
https://www.apa.org/monitor/2026/01-02/trends-personalized-mental-health-care
https://misinforeview.hks.harvard.edu/article/fact-checking-at-a-crossroads-fact-checkers-perspectives-on-community-notes-ai-integration-and-design-recommendations/
https://misinforeview.hks.harvard.edu/article/fact-checking-at-a-crossroads-fact-checkers-perspectives-on-community-notes-ai-integration-and-design-recommendations/
https://misinforeview.hks.harvard.edu/article/fact-checking-at-a-crossroads-fact-checkers-perspectives-on-community-notes-ai-integration-and-design-recommendations/
https://ailiteracyframework.org/wp-content/uploads/2025/05/AILitFramework_ReviewDraft.pdf
https://ailiteracyframework.org/wp-content/uploads/2025/05/AILitFramework_ReviewDraft.pdf
https://ailiteracyframework.org/wp-content/uploads/2025/05/AILitFramework_ReviewDraft.pdf
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to are the very things it exists to evaluate. What remains is the slow,
unglamorous, deeply human work of learning to think — not against
AI, and not with it in the vendor’s sense, but clearly, in its presence.
That work cannot be detected. It can only be done.
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