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The GAN That Feeds Itself: How Syn-
thetic Media Tools Are Automating Their
Own Credibility Crisis

Weekly Analysis — https://ainews.social

Consider the most elegant con in the current synthetic-media econ-
omy. A generative model produces a convincing fake—an image, a
clip, a document. A second tool, marketed as a guardian, scans the
fake and renders a verdict. And then a third tool produces the ev-
idence for that verdict: a fabricated reverse-image-search result, a
forged provenance trail, a forensic report with confidence scores for-
matted to look like science. At no point in this chain does a human
being verify anything against the world. The machines are checking
each other’s homework, and they are all using the same answer key.
This is not a hypothetical. The 2024 inventory of AI incidents already
documented a system called CounterCloud that generated a counter-
article attributed to a fabricated journalist, then generated comments
on its own article to simulate organic engagement, then searched social
media for real posts and inserted itself as a participant in the conver-
sation [1]. The loop closed without a single human hand on it. [1] AI Index Report 2024

What makes this moment distinct from the deepfake panic of the
late 2010s is not that the fakes have gotten better—though they have.
It is that the infrastructure of trust has been absorbed into the same
toolchain that manufactures distrust. The tools are no longer just
weapons aimed at the information ecosystem; they are becoming the
ecosystem itself, supplying both the forgeries and the apparatus that
purports to authenticate them. When the same vendors, the same
model families, and frequently the same underlying weights power
both sides of the verification problem, the question shifts from ”can
we detect fakes?” to ”who controls the machinery that decides what
counts as detection?”

That shift has consequences the vendor literature studiously avoids.
The dominant framing of these systems in the marketplace remains
relentlessly utilitarian—a tool that does a job, priced by subscrip-
tion tier, benchmarked against competitors. Look at how the cate-
gory presents itself: Midjourney versus DALL-E compared on output
quality and monthly cost, ten dollars against twenty, as if synthetic-
image generation were a question of value for money rather than a
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question of what happens to shared reality [Midjourney vs DALL-
E 2026 : V7 vs GPT-Image-1, 10 $ vs 20 $ [Testé]](https://tech-
insider.org/fr/midjourney-vs-dall-e-2026/). The tool-as-utility framing
is comfortable. It is also where the credibility crisis hides.

The Watermark That Promises More Than It Keeps

The industry’s answer to the trust problem is provenance: crypto-
graphically signed metadata, attached at the moment of generation,
that travels with a file and announces its origin. The Coalition for
Content Provenance and Authenticity—C2PA—is the consortium
standard, backed by Adobe, Microsoft, and the major camera manu-
facturers, and it is genuinely clever engineering. The premise is that if
you cannot reliably detect a fake after the fact, you can at least label
authentic content at the source and let everything unlabeled fall under
suspicion. It is a sound idea with a fatal social property: it only works
if the markers cannot be stripped, forged, or simply ignored, and all
three turn out to be trivial.

Stripping is the easy part. A screenshot destroys metadata. A
re-upload through almost any social platform destroys it. The 2024
incident record contains a telling case in which a manipulated audio
clip circulated widely precisely because it slipped through a gap in
Meta’s content policy—the rules covered manipulated video but did
not extend to audio, and so the clip propagated without friction [1]. [1] AI Index Report 2024
Provenance standards live or die by the weakest link in the distribu-
tion chain, and the distribution chain is a thousand platforms with a
thousand inconsistent policies. A signature that survives the camera
but dies at the first re-share is a signature that protects the careful
and abandons everyone else.

Forging is the more interesting part, because it is where the self-
feeding character of the system becomes visible. The same generative
pipelines that can synthesize an image can synthesize the artifacts
that make an image look authenticated—plausible EXIF data, con-
sistent noise signatures, the visual texture of a ”real” photograph as
opposed to a generated one. The arms race is symmetric in a way
the provenance advocates rarely concede: every advance in detecting
generated content trains the next generation of models to evade that
detection, because the detector’s verdicts are themselves a training sig-
nal. This is not adversarial in the abstract; it is the literal architecture
of a generative adversarial network, where a generator and a discrimi-
nator improve by competing, scaled up to the entire media ecosystem.
The GAN feeds itself.



3

And the markers can simply be ignored, which returns us to power.
If unlabeled content is to be treated as suspect, then the entities that
issue and read the labels become the arbiters of public reality. We
have already seen what happens when authentication infrastructure is
gamed at the institutional level: the proliferation of AI ”humanizer”
tools designed specifically to defeat the detectors that institutions
trust, an entire counter-market that exists only because the detection
market exists [21]. Every verification regime breeds its own evasion [21] To avoid accusations of AI cheat-

ing, college students turn to AIeconomy, and the evasion economy runs on the same tools as the
verification regime.

An Arms Race Priced Like a Subscription

Detection is sold as a product, and like all products it has a cost
structure—one that the careful adopter should examine before trusting
the verdict. Commercial detection tools must chase model updates.
Every time a major generator ships a new version, the statistical fin-
gerprints that detectors rely on shift, and the detector’s accuracy
degrades until it is retrained. This is not a one-time engineering cost;
it is a perpetual subscription to an arms race the vendor cannot win,
only stay close to. The economics are quietly brutal, and they show
up in the broader pattern of AI tooling budgets spiraling beyond any
initial estimate—the Forbes accounting of how engineers’ preferred AI
tools wreck corporate budgets is a story about exactly this, costs that
compound because the tools must constantly be fed to keep pace with
a moving target [24]. [24] Why Your Engineers’ Favorite AI

Tools Are Wrecking Your 2026 Budget
The consequence is that reliable detection trends toward the expen-

sive and the proprietary. Open-source detection lags, structurally and
predictably, because it lacks the continuous funding stream required
to chase each model update. A volunteer project or an academic lab
can publish a detector that performs well against last year’s genera-
tors and then watch its accuracy collapse against this year’s, with no
budget to retrain on the latest weights. The asymmetry is the point:
generation tools democratize freely—a teenager can run a capable im-
age model on a consumer GPU—while the apparatus to check those
tools concentrates among the few organizations that can afford the
perpetual retraining bill.

We have a clear empirical view of how badly detection performs
even in the constrained, well-funded setting of academic integrity,
where the stakes are high and the incentive to get it right is strong.
The educational detector market is instructive precisely because it is
the most mature deployment of synthetic-media detection at scale, and

https://www.nbcnews.com/tech/internet/college-students-ai-cheating-detectors-humanizers-rcna253878
https://www.nbcnews.com/tech/internet/college-students-ai-cheating-detectors-humanizers-rcna253878
https://www.nbcnews.com/tech/internet/college-students-ai-cheating-detectors-humanizers-rcna253878
https://www.forbes.com/sites/janakirammsv/2026/05/26/why-your-engineers-favorite-ai-tools-are-wrecking-your-2026-budget/
https://www.forbes.com/sites/janakirammsv/2026/05/26/why-your-engineers-favorite-ai-tools-are-wrecking-your-2026-budget/
https://www.forbes.com/sites/janakirammsv/2026/05/26/why-your-engineers-favorite-ai-tools-are-wrecking-your-2026-budget/
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the reviews are damning. Spanish-language analyses of AI detectors
in universities describe a counterproductive effect: false positives that
accuse honest writers, a chilling of legitimate work, and a reliability
profile that does not justify the consequences imposed on the basis of
its verdicts [9]. The risk analysis is sharper still in legal-adjacent com- [9] Detectores de IA en educación: el

efecto contraproducentementary, which frames reliance on these detectors as an institutional
liability rather than a safeguard [11]. If detection is this unreliable in [11] El riesgo de los detectores de IA

en las Facultadesthe domain where it has been refined the longest and deployed the
most aggressively, the claim that it can police the open information
ecosystem deserves deep skepticism.

The market’s response to detection failure is itself revealing. Rather
than abandon the unreliable verdict, institutions double down, and
a humanizer industry rises to defeat them, and students who never
cheated start running their own work through AI tools to immunize
it against false accusation [21]. This is the loop in miniature: a de- [21] To avoid accusations of AI cheat-

ing, college students turn to AItection tool of dubious accuracy generates pressure that pushes even
honest actors toward using generative tools defensively, which further
pollutes the signal the detector was trying to read. Meanwhile, the
genuine scale of the problem is not in doubt—UK universities recorded
thousands of confirmed cases of AI-assisted cheating, a number that is
itself almost certainly an undercount given detection’s limits [19]. The [19] Revealed: Thousands of UK

university students caught cheating
using AI

tools created a problem, the tools sold the solution, and the solution
generated a new problem for the next tool to solve.

Forensics on Demand

The most corrosive development is not that fakes are hard to detect.
It is that proof itself has become synthesizable. The classic verification
heuristics that ordinary people use—reverse image search, checking
whether a photo appears elsewhere, looking for the original source—
assume that the evidentiary substrate is real even when the content is
fake. That assumption is dying. If a generative system can fabricate
not only an image but a convincing trail of corroborating artifacts—
search results that appear to show the image’s prior existence, a foren-
sic analysis with the formatting and vocabulary of a real lab report, a
chain of social posts that seem to establish provenance—then the act
of verification becomes another surface that can be forged.

This is the deepest meaning of the CounterCloud architecture: it
did not merely produce a fake article, it produced the social proof of
that article’s legitimacy by generating comments and inserting itself
into real conversations [1]. The fabrication extended past the artifact [1] AI Index Report 2024
to the entire context that a human would use to assess the artifact.

https://ecosistemastartup.com/detectores-de-ia-en-educacion-el-efecto-contraproducente/
https://ecosistemastartup.com/detectores-de-ia-en-educacion-el-efecto-contraproducente/
https://ecosistemastartup.com/detectores-de-ia-en-educacion-el-efecto-contraproducente/
https://www.linkedin.com/pulse/el-riesgo-de-los-detectores-ia-en-las-facultades-la-es-alvarez-seura-2iavf/
https://www.linkedin.com/pulse/el-riesgo-de-los-detectores-ia-en-las-facultades-la-es-alvarez-seura-2iavf/
https://www.linkedin.com/pulse/el-riesgo-de-los-detectores-ia-en-las-facultades-la-es-alvarez-seura-2iavf/
https://www.nbcnews.com/tech/internet/college-students-ai-cheating-detectors-humanizers-rcna253878
https://www.nbcnews.com/tech/internet/college-students-ai-cheating-detectors-humanizers-rcna253878
https://www.nbcnews.com/tech/internet/college-students-ai-cheating-detectors-humanizers-rcna253878
https://www.theguardian.com/education/2025/jun/15/thousands-of-uk-university-students-caught-cheating-using-ai-artificial-intelligence-survey
https://www.theguardian.com/education/2025/jun/15/thousands-of-uk-university-students-caught-cheating-using-ai-artificial-intelligence-survey
https://www.theguardian.com/education/2025/jun/15/thousands-of-uk-university-students-caught-cheating-using-ai-artificial-intelligence-survey
https://www.theguardian.com/education/2025/jun/15/thousands-of-uk-university-students-caught-cheating-using-ai-artificial-intelligence-survey


5

When AI can mass-produce hundreds of academic-looking papers in
hours—the Chosun report documents a system generating 380 papers
in twelve hours, overwhelming the peer-review apparatus that is sup-
posed to gate-keep credibility—the problem is no longer individual
fakes but the industrial production of fake credibility infrastructure
[5]. The papers are not the threat. The threat is that the citation, the [5] AI Mass-Produces 380 Papers in

12 Hours, Disrupting Peer Reviewreference, the apparent scholarly consensus—the very things we use to
decide what is true—can now be manufactured at volume.

There is a structural reason the fakes are so persuasive, and it is
worth naming because the vendor framing obscures it. Conversational
AI systems that pass as human do not do so by genuinely understand-
ing; they do so through gimmicks that paper over their gaps, as the
field’s own popular literature candidly explains—one notorious chat-
bot passed a Turing-style test by pretending to be an eleven-year-old
Ukrainian boy with limited English, so that every non sequitur read as
a charming error rather than a machine failure [1]. The persuasiveness [1] You Look Like a Thing and I Love

Youis performative, not substantive. The same is true of synthetic foren-
sics: a fabricated report does not need to be correct, it needs to look
like the genre of correctness—the confidence intervals, the technical
jargon, the institutional letterhead. Anti-mystification requires saying
this plainly. What these tools generate is the costume of authority,
and the costume is now cheap.

The vulnerability runs deeper than fabrication, into the manipula-
tion of the systems themselves. The detection and verification tools
are software, and software built on large language models is notori-
ously porous. Prompt injection—the technique of embedding instruc-
tions in content that a model will process and obey—has proven to
be a general and persistent weakness rather than a bug to be patched
[17]. Security researchers have demonstrated jailbreaks that defeat the [17] Prompt injection
safety layers of essentially every major model with minimal effort [12], [12] Jailbreaking Every LLM With

One Simple Clickand the broader taxonomy of injection attacks shows how an adver-
sary can hijack a model’s behavior through carefully crafted inputs
[18]. If your verification tool is an LLM—and increasingly it is—then [18] Prompt Injection Attacks: Exam-

ples and Defencesan adversary who can shape the content the tool examines can also
shape the verdict the tool returns. The forensics-on-demand problem
is not only that fakes can fabricate proof; it is that the machinery of
judgment can be instructed to lie [4]. [4] AI Jailbreak Prompts: How They

Work, Why They Work, and How to
Stop ...

Generation for Everyone, Verification for the Few

Here is the asymmetry that should organize how we think about this
entire category. Generation has been radically democratized. Veri-

https://www.chosun.com/english/industry-en/2026/05/29/RBHL4B3TVZBSREPHIC3APZ43PU/
https://www.chosun.com/english/industry-en/2026/05/29/RBHL4B3TVZBSREPHIC3APZ43PU/
https://www.chosun.com/english/industry-en/2026/05/29/RBHL4B3TVZBSREPHIC3APZ43PU/
https://en.wikipedia.org/wiki/Prompt_injection
https://en.wikipedia.org/wiki/Prompt_injection
https://www.cyberark.com/resources/threat-research-blog/jailbreaking-every-llm-with-one-simple-click
https://www.cyberark.com/resources/threat-research-blog/jailbreaking-every-llm-with-one-simple-click
https://www.cyberark.com/resources/threat-research-blog/jailbreaking-every-llm-with-one-simple-click
https://blog.cyberdesserts.com/prompt-injection-attacks/
https://blog.cyberdesserts.com/prompt-injection-attacks/
https://blog.cyberdesserts.com/prompt-injection-attacks/
https://repello.ai/blog/understanding-ai-jailbreaking-techniques-and-safeguards-against-prompt-exploits
https://repello.ai/blog/understanding-ai-jailbreaking-techniques-and-safeguards-against-prompt-exploits
https://repello.ai/blog/understanding-ai-jailbreaking-techniques-and-safeguards-against-prompt-exploits
https://repello.ai/blog/understanding-ai-jailbreaking-techniques-and-safeguards-against-prompt-exploits
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fication has been radically concentrated. These two facts are not in
tension; they are the same fact viewed from opposite ends, and to-
gether they produce the centralization that is the real story.

The democratization is visible in the consumer pricing of image
generators—the genuine capability now available for the cost of a
streaming subscription [Midjourney vs DALL-E 2026 : V7 vs GPT-
Image-1, 10 $ vs 20 $ [Testé]](https://tech-insider.org/fr/midjourney-
vs-dall-e-2026/)—and in the open-weight models that anyone can
download and run without permission, payment, or oversight. The
harms that follow are not speculative. A California elementary school
was scandalized when students used AI to generate fake explicit im-
ages of classmates, an incident concrete enough to prompt state-level
legislative response [3]. UK schools have been advised to remove [3] AI images scandalized a California

elementary school. Now the state is ...pupils’ photographs from public-facing websites because those im-
ages are raw material for AI-enabled blackmail [22]. Children’s voices [22] UK schools should remove pupils’

online photos as AI blackmail threat
...

are now a privacy frontier precisely because voice synthesis has be-
come accessible enough to weaponize [20]. The generative capability is [20] Strengthening Children’s Online

Voice Privacyeverywhere, distributed to anyone with a connection and a grievance.

The verification capability, by contrast, is consolidating into a
handful of platform-level gatekeepers. This is the inevitable destina-
tion of the cost structure described earlier: when reliable detection
requires continuous, expensive retraining against every new generator,
only the largest players can afford to maintain it, and so detection
becomes a feature bundled into the dominant platforms rather than a
public utility or an open standard. The major cloud and productivity
vendors are positioning exactly this way—Microsoft’s framing of an
enterprise AI strategy is, read closely, a framing of the vendor as the
trusted layer through which content and judgment flow [8], and the [8] Create your AI strategy - Cloud

Adoption Frameworkintegration of assistants like Copilot into the daily substrate of work is
the integration of a single vendor’s judgment into millions of decisions
[16]. [16] Overview of Microsoft 365 Copi-

lot Chat | Microsoft Learn
The danger of this concentration is not malice; it is opacity coupled

with unaccountable authority. Consider the California courts pilot-
ing an AI clerk whose involvement in a case may be invisible to the
parties—you may not know whether the system looked at your matter
[7]. When the entities that adjudicate authenticity are few, propri- [7] California judges are testing a new

AI clerk, and you won’t know if it’s
looking at your case

etary, and unobservable, the public loses the ability to contest their
verdicts. And these systems carry their makers’ blind spots into the
machinery of judgment: a multi-institution study led by BYU found
that all major AI models systematically ignore or flatten matters of
faith and religion in their responses [14]. A verification monoculture [14] New research from BYU-led

multi-institution consortium finds all
major AI models ignore faith, religion
in responses

inherits the biases of its few builders, and applies them at the scale of
the entire information ecosystem. The research on multimodal founda-

https://calmatters.org/economy/technology/2026/02/ai-images-scandalized-a-california-elementary-school-now-the-state-is-pushing-new-safeguards/
https://calmatters.org/economy/technology/2026/02/ai-images-scandalized-a-california-elementary-school-now-the-state-is-pushing-new-safeguards/
https://calmatters.org/economy/technology/2026/02/ai-images-scandalized-a-california-elementary-school-now-the-state-is-pushing-new-safeguards/
https://www.theguardian.com/technology/2026/may/08/uk-schools-remove-pupils-photos-online-ai-blackmail-threat-grows
https://www.theguardian.com/technology/2026/may/08/uk-schools-remove-pupils-photos-online-ai-blackmail-threat-grows
https://www.theguardian.com/technology/2026/may/08/uk-schools-remove-pupils-photos-online-ai-blackmail-threat-grows
https://www.theguardian.com/technology/2026/may/08/uk-schools-remove-pupils-photos-online-ai-blackmail-threat-grows
https://fas.org/publication/childrens-online-voice-privacy/
https://fas.org/publication/childrens-online-voice-privacy/
https://fas.org/publication/childrens-online-voice-privacy/
https://learn.microsoft.com/en-us/azure/cloud-adoption-framework/ai/strategy
https://learn.microsoft.com/en-us/azure/cloud-adoption-framework/ai/strategy
https://learn.microsoft.com/en-us/azure/cloud-adoption-framework/ai/strategy
https://learn.microsoft.com/en-us/copilot/overview
https://learn.microsoft.com/en-us/copilot/overview
https://learn.microsoft.com/en-us/copilot/overview
https://calmatters.org/economy/technology/2026/05/ai-los-angeles-riverside-courts/
https://calmatters.org/economy/technology/2026/05/ai-los-angeles-riverside-courts/
https://calmatters.org/economy/technology/2026/05/ai-los-angeles-riverside-courts/
https://calmatters.org/economy/technology/2026/05/ai-los-angeles-riverside-courts/
https://news.byu.edu/intellect/new-research-from-byu-led-multi-institution-consortium-finds-all-major-ai-models-ignore-faith-religion-in-responses
https://news.byu.edu/intellect/new-research-from-byu-led-multi-institution-consortium-finds-all-major-ai-models-ignore-faith-religion-in-responses
https://news.byu.edu/intellect/new-research-from-byu-led-multi-institution-consortium-finds-all-major-ai-models-ignore-faith-religion-in-responses
https://news.byu.edu/intellect/new-research-from-byu-led-multi-institution-consortium-finds-all-major-ai-models-ignore-faith-religion-in-responses
https://news.byu.edu/intellect/new-research-from-byu-led-multi-institution-consortium-finds-all-major-ai-models-ignore-faith-religion-in-responses


7

tion models underscores that these are not edge cases but properties
of the architecture—the same model that generates is the model that
classifies, and its limitations propagate across both functions [15]. [15] On opportunities and challenges

of large multimodal foundation mod-
els ...

What the Vendor Framing Leaves Out

The PRO-AI framing dominant in the tools literature treats this entire
dynamic as a sequence of solvable engineering problems: better water-
marks, better detectors, better provenance standards, each shipping
in the next release. The skeptical position—underrepresented in the
vendor materials and concentrated instead in education-sector and
security research—is that the problem is not engineering but struc-
ture. You cannot engineer your way out of a system whose two halves
train each other. Every improvement to detection is a gift to the next
generation of evasion, and every improvement to generation raises the
cost of the detection that must chase it, which deepens the central-
ization, which narrows the number of hands controlling public reality.
This is not a balance to be struck; it is a trajectory to be recognized.

The careful adopter should therefore ask different questions than
the marketing invites. Not ”how accurate is this detector?” but ”ac-
curate against which models, retrained how often, and what happens
to that accuracy when the next generator ships?” Not ”does this tool
watermark my content?” but ”does the watermark survive the dis-
tribution chain my content will actually travel, and who decides how
to read it?” The blanket institutional reactions—banning the tools
outright—turn out to make things worse, raising security risks by
pushing usage into unmonitored shadow channels rather than elim-
inating it [23]. The reflexive prohibition is as naive as the reflexive [23] Why Banning AI Raises Security

Risks and How Institutions Should ...embrace; both treat the tools as discrete objects rather than as an
interlocking system.

There is a quieter cost beneath the spectacular harms, and it con-
cerns what reliance on these systems does to the people who use them.
The French education coverage frames it precisely: the cognitive risks
of offloading judgment to AI tools come to outweigh the efficiency
benefits, as the capacity that the tool was supposed to augment in-
stead atrophies [13]. Applied to verification, this is the sharpest dan- [13] L’IA à l’école : les bénéfices

s’effacent devant les risques cognitifsger of all. If we delegate the act of deciding what is real to a small
number of proprietary systems, we do not merely risk that those sys-
tems will be wrong or gamed. We risk losing the habit of verification
itself—the human practice of checking, doubting, and corroborating
that no tool can perform on our behalf without eventually replacing
it. The legal scholarship on AI and copyright keeps circling this same

https://www.nature.com/articles/s41539-025-00301-w
https://www.nature.com/articles/s41539-025-00301-w
https://www.nature.com/articles/s41539-025-00301-w
https://www.nature.com/articles/s41539-025-00301-w
https://www.unite.ai/why-banning-ai-raises-security-risks-and-how-institutions-should-respond/
https://www.unite.ai/why-banning-ai-raises-security-risks-and-how-institutions-should-respond/
https://www.unite.ai/why-banning-ai-raises-security-risks-and-how-institutions-should-respond/
https://lactuia.fr/actualites/ia-ecole-benefices-risques-cognitifs
https://lactuia.fr/actualites/ia-ecole-benefices-risques-cognitifs
https://lactuia.fr/actualites/ia-ecole-benefices-risques-cognitifs
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vacancy: the law assumes a human author and a human source, and
the synthetic flood erodes the very category of provenance the law
depends on [2]. [2] AI and Copyright Law: What We

Know
The most authoritative recent survey of the field, Stanford’s index

of AI’s penetration into the education sector, documents adoption rac-
ing ahead of the evidence for reliability—institutions deploying tools
whose verification claims have not been validated at the scale of their
use [10]. This gap between deployment and validation is the recurring [10] Education | The 2026 AI Index

Report | Stanford HAIsignature of the entire category. The official government guidance on
AI’s role, with its measured optimism about transformative potential,
sits oddly beside the documented failures, the gamed detectors, the
synthetic forensics, and the consolidating gatekeepers [6]. [6] Artificial Intelligence and the

Future of Teaching and Learning

The Infrastructure We Did Not Choose

Return to the loop with which we began. A generator makes a fake.
A detector renders a verdict. A third tool fabricates the proof. The
thing to notice is that all three increasingly run on the same model
families, sold by the same vendors, integrated into the same platforms.
We are not watching a contest between forgery and authentication.
We are watching a single industry sell both the disease and the cure,
where the cure’s failure guarantees the next sale and the disease’s
evolution guarantees the next contract. As one of the field’s elder
observers put it, in a culture where influencers chase views and media
curates sensationalism, we are assaulted by the fake all around us—
and sometimes we reflexively manufacture it ourselves through what
we share [1]. The tools have not created human credulity, but they [1] After Shock
have industrialized its exploitation and then sold us the antidote.

The category-specific stakes are now legible. The tools’ own inter-
nal provenance markers are being gamed because the same generative
capacity that signs content can forge the signature. The arms race
between generation and detection is not converging on truth; it is con-
verging on centralization, because only the largest platforms can afford
to stay in the race, and so the power to declare what is authentic is
consolidating into a few unaccountable hands. The court that uses an
AI clerk you cannot see, the school whose detector falsely accuses, the
peer-review system drowning in machine-made papers, the children
whose images and voices have become attack surfaces—these are not
separate stories. They are the same story, told from inside an informa-
tion infrastructure that the tools are quietly becoming.

What a careful person should take from this is not despair but a
sharpened set of demands. Demand that verification be observable,

https://builtin.com/artificial-intelligence/ai-copyright
https://builtin.com/artificial-intelligence/ai-copyright
https://builtin.com/artificial-intelligence/ai-copyright
https://hai.stanford.edu/ai-index/2026-ai-index-report/education
https://hai.stanford.edu/ai-index/2026-ai-index-report/education
https://hai.stanford.edu/ai-index/2026-ai-index-report/education
https://files.eric.ed.gov/fulltext/ED631097.pdf
https://files.eric.ed.gov/fulltext/ED631097.pdf
https://files.eric.ed.gov/fulltext/ED631097.pdf
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contestable, and not monopolized—that you can know when a ma-
chine has judged your case and on what basis [7]. Demand that the [7] California judges are testing a new

AI clerk, and you won’t know if it’s
looking at your case

cost structure of detection be disclosed, because a detector that can-
not afford to keep pace is a detector selling expired confidence [24]. [24] Why Your Engineers’ Favorite AI

Tools Are Wrecking Your 2026 BudgetAnd resist the seduction of the utility framing—the ten-dollar tier,
the twenty-dollar tier, the feature comparison—because it is precisely
the framing that lets a credibility crisis disguise itself as a consumer
choice [Midjourney vs DALL-E 2026 : V7 vs GPT-Image-1, 10 $ vs
20 $ [Testé]](https://tech-insider.org/fr/midjourney-vs-dall-e-2026/).
The GAN that feeds itself does not need our belief in any particular
fake. It only needs us to stop checking, to outsource the work of judg-
ment to the very systems that profit from our inability to judge. That,
finally, is the thing to refuse.
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